Hosaaaazmalulodmsawmns oon.

- msiannszuuinasimulaely Neural Network

System Development for Stock Price Prediction by Neural Network

Tae

HIBIUIW HNAZBIA

SHA 42067177

IWWIH!HMMMWW

*H001825*

219158150

¢
Wl A13. ITNIU ﬂ‘%iﬁ%lﬂ‘ﬁ

W iou Y Fod, R. 2550 3

.................................... 00000 spooveeens

wuneidey....0 01 8 P25}

----------- v0v00e

wFanuieda. Q1. D6RIT). 2544

esosssssce

"Aosaynnazmalulaimsmuma soa.”

¥ N
srwuittuauniwe I TnsansRauIsE U
nangasImenmaasumiugn mv13suna Iulagasaums

=4 E; P}
mMaSoun 2 Insanei 2544
auzma IuTadasaumes

aniuma TuTagnszaeundudgunmsaranssia



wadle mswanszuuinesniu Tauld Neural Network

TInANYN W18 51100 HuazeR
deat ¢ =
1sanInm A3, 25N NIYILIAY
SEAUMIANN Invnasuviuda arvdvuna lu ladasaums
HYUIITY INMTATAUNSA
Umsdnmn 2544
UNHn®

A [y o o 9 = A A
fieanminmsasuluamandnnind@eaady) Ianudsinnmsulfeuulaves
Y Aaa A a o a g A ¥y A
e TedianuwneufiszAaduuazimnmailadng 9 AuieiugsmMyuiiesvan
] 1 4 E 4
anudsalumsfaduliveainamu  Tassmsfisziinauedsiunouuazisnmanannssuy
o £ ° { ° '
#uesafy Taold Neural Network duiluunuessideuuuumsiauvesadaues
3 aas 4 f ; o 4 ) A
voedeiiF5a Fuduuvuseesi i lumsinne sadumatianiiaves Predictive modeling 14

A9 1114 (Data Mining)



Title

Student
Advisor

Level of Study
Major

Academic Year

System Development for Stock Price Prediction by Neural Network
Mr. Amnuoy Nimsa-ard

Dr. Worapoj Kreesuradej

Master of Science in Information Technology

Information Science

2001

ABSTRACT

There is the risk on stock investing. To reduce investors’ risk, they try to develop stock price

prediction tools. The propose of this project is to shows implementation approach of Data Mining to help in

analyzing the customer behavior. This project propose neural network, model that mimics the human brain,

which is a favorite model of stock price prediction.
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