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ABSTRACT

Since many researchers have tried to find the way to make the computer understand
natural languages. Thai language, is one that the researcher tries to analyze. However, Thai
written language processing is the successive words without spaces in a sentence. Therefore, the
word separation program used to solve this problem based on the language rules or a dictionary.
Until now, most word separation programs cannot work perfectly. This project presents another
approach to this task using sequential neural networks perform.
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v t 4
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n. $umus iy (Noun)
vi. Funusienisunien (Intransitive verb)
vt. 1Funusianssun3en (Transitive verb)

adi.  1Hunusquim (Adjective)
adv.  1dunudinSondeual (Adverb)
pre.  19UMUAWUN (Preposition)
pro.  lHunusiasswuiy (Pronoun)

con. l4unudiduss (Conjunction)

322 mandainsstelsynmifendaidudranioile SNNs
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A o 4'
eriiou X-terminal 1d13992FuninTasiie SNNS w1 ldemldezalningniheedagui 3.1

.‘ ‘;(u:», manager : D Tk MWE
[ Fite | [ conTroL | [ InFo_ | [ DiSPLAY | [30DIsPLAY| [ 6RAPH | [ BIGNET |
[ PrUNING | [ CASCADE | [ KOHONEN | [ WEIGHTS | [PROJECTION| [ ANALYZER | | INVERSION |

[ Print J[ HELP | [euir ]

® l- Ri

31 3.1 SNNS-Manager
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Hidden Layer: [3 | ]
oot Lovor: [ [

| CRERTE NET | |DONE|
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TAsea18111 Jordan’s Networks A9311%1 3.3

1 | & &
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wozazdesiimdaaiougluvudeyafidesmsmsuilteron Hlusunsy SNNS
#osmsudtudeyauundenrmmugihuuii Tusunsudmun e o
SNNS pattern definition file V3.2-
generated at Fri Apr 22 16:56:45 1994
+  No. of patterns : 150
No. of input units : 9
No. of output units : 9
# Input pattern 1:
000100000
# Output pattern 1:
000000010
# Input pattern 2:
000000010
# Output pattern 2:
000000001
# Input pattern 3:
000000001
# Output pattern 3:
000100000

nndedrufindeyalumamulasede swssaenlyfduivewdudeya
u.nzwﬁmif‘hnuﬂi'nmuzﬂLm‘u'?ié’mﬂmmu‘luﬁfrﬁmuﬂ‘l":' 150 gy wénmiuse
Humsimuadmmsunagiiauazioniyagiia Fefouilulauitis Ifeenuu Tnseie
1 zfﬁ"ﬁwmé"wzﬂuun%ga"v’i&'mmsLﬁaﬁﬁuwmmufrtﬂm'u eninaiiidesdhuwula 3
szmugaduiu i suasuadnaugluyiio ddmualy

flesawiouududoyaiidosmamsuGoufosudr fviims Tnaaufiudeyalums
msud 1 lulysunsy Teeidensiens File 910 SNNS-Manager nndehmsmsulase

v1e'1d Tnen15ifions1ms Control 910 SNNS-Manager 92U51ngMieenagyi 3.4
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E @3 snns-contiol  pattemrn

| sTEPS |1 | Cser ] |o ] (avaTj [(ReseT j [(ERROR | [18F0)
| cycLes 10000, | [SimeE] [AL] [sTor] (TEST] [sHuFFLE] [oPTIoNS] | act |
PATTERM [o | [Decere] (oo (vew] [so7o) (K] (€] (2] (M) [=5EPaT]
[pECSET] [USE] Training Pattern File ?

| vaLID o, [vACD ] [UsE] Validation Pattern File ?

| enew oz .o |0 |

‘| UPDATE SEL. FUNC | |
mir [0 |[.e 0.3 & .5 |[ECFu]|

[DoRE] Init. fumc: JE_Meights

31 3.4 nspun 1 lunmugumsmunionaaouInseie

ludauf:vzvﬁumsﬂmﬂu'lumimsuIﬂsqqi1un?awﬂﬁw1ﬂmiw Faiideafmun
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% Function #2¢ IAtfMuUAAT Leaming Rate (%1 0.2 @2y Initial Function S e liiflusn
10-1.003.1 WAz 05 ud1Safnminsh Cycles Tfssmstimsmaudoyalududoyansoy
SRt amuals 10000 50U ieTimsfmuamAauds 303 Reset tWBEIUNT Reset
Tasete foufezi@onsioms Init tedtuasdmuesimssaniminBufuliusoy Link
wdatudionsioms Al iestumsBumsuTassennguuunuii iddmua3uda dens
msuededy sausanagenlasevieiifuliauiidesnisvio i lasmsidensens
Test widfumsnagouusazgthuiidegiunfludoyomsu Tasieninagiiafiamnniigass
Qmmmtﬂu%ﬁdwmmmﬁvgngﬁﬂéuq azdie Ialnsseiimusohau idauddudoya
FdoamsudaiiinstiuiinTasevieil 3o 1950 Tsunsufiwanntun  Taeisnsidonld
TaseteiisznszihluTnuadeanumiendonin Batch Mode Famstiuiinlnsetheenanse
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g Network

Patterns
Result File
Config

Log File
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323 manannldsunsumssaman inelagerdelnssvien) ssamifieuBsd iy

mawann IlsunsydmTumsdadinin IneTagorde Inssinelssaminendaday
undaitee 19 Tsunsunu Visual Basic Version 6.0 ifuinesiiolumsiann uaz1dgmde
uaﬁﬁ?‘m‘ﬁ’uﬂmmmﬂm Microsoft Access 97 121l5zney i awasremanfedt

Lexicon Table 19lunsifugmidoyafimiuazniiitvesilunmnlne

-Word 151U Attribute w1 text 19AUMAWY

- Attribute 151 Attribute Uy text 1tumihivesdn

Encode Table [§lumaiftudeyamsdhsiannmhiduiiugluuydmiylasee

- Attribute 18114 Attribute Wy text 1ifunihiivesd

-Encode U Attribute uuitl text 1A ugLuuudmivlnsevne

Temp Table 19lumsifvTasevrodulsd (Tree) fadutudmiumsdas

- Number 15U Attribute tuU text 1diAUMINB@YYDe TnuA

-Word  (flu Attribute 111 text ‘l%l,ﬁnﬁﬁaﬂmﬂulﬂumfu

- Link (@ Attribute 1y text i umneiay Tnuait Tnunds ad
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Plan Table Wlunsfufeunaudwudeyaiicunsodad’ld
Plan 6] Atribute vy text [9ifiuFounausdudoye

- Length §u Attribute 1t text 141duA METIVEIUNAY
Plantemp Table 19 lunsfudounandivse Tomiummnsodadld

. 4
~Plan  15)u Attribute 11 text 1ifuFouwaU
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vnlasshedulifaetion sewmsavieslyTassiedu liuda Wnodniosnn
Sgtunuse TeafiamnsodaldTiegfeiu 6 gluuudoiu luifunnut‘i'ﬁml.ﬂaﬁl%ﬂénﬂu
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sz Tenuazmihiivestmestusnlugse Toadludafinsan dmmingihlse Toadenanliase
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Lﬂaﬁ"h’f'ﬁmwﬂgn “Next" Bnafalisunsueshnmihguuumsdasuuudan Tl
nrmi‘mﬁ'npm’:"aqmmau‘lﬂﬁauq mnlse Tendananassauitou lvvoauwau
Iﬂmnmﬂsmmsﬁmﬁ‘nﬁﬂmﬁﬁmsnlu;ﬂsmmfu Whldszunanatalassiedszam
Fouit1dsawionl? WolWTnssituendmihiivesdda lunmsedugfivmhi

oz 15 Awaaslugai 3.10

51 3.10 myiuneves Inssthessamiionainy

Tudunouil IWsunswazsimsafaududeyadonumugluuuiiTusunsy  SNNs

&oans wiowadon g Tsunsy SNNS TuTnundenm (Batch Mode) it
c:\batchman —f neural .bat

Fedoyafiegluuudoyn “neuralbat” szdiusidefinsziindulaseie el Inse
swinnendhiidida lufinsezdiu Iﬂuazﬁzﬂtmuﬁaﬁy

loadNet("d:\homework\project\software\neural.net")

loadPattern("d:\homework\project\software\input.pat")

saveResult("d:\homework\project\software\output.res", 1, PAT, TRUE, FALSE,"Create")
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