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ABSTRACT

Printed Thai Character and Printed English Character recognition using neural network
is one of the process in technology or practical on computer in order to enhance the ability of
computer in the seperation the characters, both Thai and English correctly. Although the
characters vaied in size or type. This paper cites as the printed characters, Thai and English, and
uses the neural networks, also using the Adaptive Resonance theory 1 Network Model in the

recognition the printed characters.
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