14 - o
a‘iﬁ’ﬂ%ﬁuﬂﬂmﬁmz%mnmmﬂﬂswm

MIAALENAIDANIT AN BIVEUN Y oA Ry

THE SEGMENTATION OF CONNECTED THAI HANDWRITTEN CHARACTERS

l|‘T[th:'1455|||

Tag
1 9 =} 4
WNFANIULNY - FUIIY

a 4 o
Wedosnay LA

I .
1458 W/ AR -
ot 1:52559 M.
qu’SGlau;]Jnl-Ztun" cseeseess

a

n’:;/d 1 &£ = Y] a a ) a
1J5 ﬂujiymwu:ﬁmﬂumuﬁuwmmﬁﬁﬂmmwaﬂqmﬂs&yﬂummﬂﬁmmmummm
MAIBIIAINT U TUNF
ANZIINTSUAARNS

v =1 £ 9 w
amduma luTagnszseundudgunmsainnse s

IUseinu 2547



THE SEGMENTATION OF CONNECTED THAI HANDWRITTEN CHARACTERS

BY
Miss PANKAEO SIHAWONG
Mr. PIYAPONG DANGKHAM

A THESIS SUBMITTED IN PARTIAL FULFILLMENT OF
THE REQUIREMENT FOR THE DEGREE OF
BACHELOR IN DEPARTMENT OF INFORMATION ENGINEERING
FACULTY OF ENGINEERING
KING MONGKUT’S INSTITUTE OF TECHNOLOGY LADKRABANG
2004



[
Qs

witelSganiinus  asdauendashysawiiofounv Inefidesy

d'l CV - 1 ¥, 9 =y 4 @ o e
FOUNANYL unNahud? ey v ersed167 44010301
Wetlozney  unedn sHalseddn 44010305
dd' a a
21158nl5nmn A3, AUNYIA gANUIIBINA
STALMIANTN WSaae3 Imnssumansiinda

MUNIRINTTUNTTUNA
MAIMN NN TUANITHUNA

Ymsdinu 2547

=) =) @ g oSt P
Byaptinusaiuil 8T uanusiusovnnemsdimov it Zonuds

(93. AUNYSA gANNSTHINA )

o 9 o =Y o
5IRALAN Ty LS



v Y a d LY @ @ A A Aa o
witelsyaninus  msdausndidnysaeiio@ouniyneisasy
d' o K U 9 ~ 4 @ o @
¥OUNANH waMhuudy au1ed sraUsEd1d7 44010301
=y 4 o 7 o o
Wigtozney  uaedn sAgUszi1a7 44010305
o’d’ = a
213158NUS A3, TUAYIA  QANNITHING
STAUNIANY YTanas Ienssumanstudia
TVNIFINT VAT TN
A NI SUBTTUNS
Umsfnu 2547
-9} ]
vnaeee

¥ ) 3
Tnssnuiitiaueuuimslumsienddnysatetonitn Inefifasy St Ings

] d‘l A =t R @ o Y a =Y ar 9}3 3
UANANIANIEIBN Ao M lnedide 3 szauihlfiAensAasuldieluinIswEsILoy
° 3 1 a I'4 [ ar @ o 'Q Y Y]
1A UAUBAWANITUATICHANTWANTZAU NSNS AaasL UDIMSUING?
[ l-d'Q s o =) ~ 1 L= - | ey a’ . &
dnysnaany lasvzinisdSeumeussuin 2 35 89 Sinisasoudoans (Drop Falling) %9
wuniifdymlumsuendsnusdanaialaemssamnaisdienys  uassinsuondasnys

. 1 1 . . 0
TavedvanymziAun191A59319 (Structural Feature-Based Segmentation) 10835015 Sa4inns
' & \ L 4 aqy o i S o 4 . ALY,
M19AF0N (Junction Point). B9 1 lunsmidumisnaany 1aLININGA (Critical Point) @919
k74 Qv 'Q s l& 1 a [-¥3 %4 L

Tuniswwunlunsusndadnusiaadu FINUIITMSLen lagendednyaziaunialnseais

(Structural Feature-Based Segmentation) ﬁmmg ARBININATT



Thesis Title The Segmentation of Connected Thai Handwritten Characters

Student Miss PANKAEO SIHAWONG ID. 44010301
Mr. PIYAPONG DANGKHAM ID. 44010305
Advisor Dr. Somkait Udomhunsakul
Graduate Level Bachelor Degree of Information Engineering
Department Information Engineering
Academic Year 2004
ABSTRACT

This ﬁroj ect presents the segmentation of connected Thai handwritten characters methods.
Unlike other languages, there are three levels in Thai characters so they are able to be connected
together in both vertical and horizontal styles. The segmentation of connected Thai handwritten
characters is devided into three steps ;chat are the level analysis, the connected character detection
and the character segmentation. In the character segmentation step, we compare Drop Falling
technique with Structural Feature-Based Segmentation technique, containing finding Junction
Point (used to find the connected point) and Critical Point (used to find the segmentation
directions). As a result, we found that Structural Feature-Based Segmentation technique works

out more efficiently because there are many segmentation problems such as cutting through

characters in Drop Falling technique.
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2.1.2 Connected Components Labeling
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Procedure Label;
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}
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