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Human Motion Estimation from Video
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Human Motion Estimation from Video
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Abstract

This report describes the study and development of a computer vision system for
human motion detection and tracking from video. In this research, we use a pan-tilt-zoom
which is connected to a.PC for video capturing. The moving target is detected and
segmented from the background scene using an extended version of background subtraction
technique. First, the panorama of the background scene is captured and built while panning
the PTZ cameras. Then, the input video is subtracted from the built background model to
extract the moving pixel regions. To identify the extracted moving region, we use the human
cardboard model which is a simple model suitable for upright position. While identifying the
moving region, the system also keeps tracking the moving blob. This continuous identifying

while tracking can provide a significant benefit as mentioned in [18] as continuity of identity.
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