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Characters Recognition by Neural Net

This research applies the neural net for printed Thai characters recognition. The topology
of the net is multi-layer perceptron by using back propagation algorithm for the training. Instead of
traditional pixel-based method, we propose the moment as feature-based. The configuration of the
network has 7 nodes for input layer, two-hidden layer with 22 nodes each and 76 nodes for the
output layer. To avoid the trapping with local minimum values, the learing rate, the momentum and
the bias value are adapted during the learning process. The satisfied results have been attained. The
further crucial preprocssing stage, however, has to be achieved for extract each character from the

scanner and feeded its to the neural network.
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