fFrinvoaAna1d WIZA0MNMIIANSZ1T g
s1e9ulAgIN1sIaeLlszantleauilss i 2545
=
L9849
aa v =y 4’
Aan1sAuAUgUAnIneLUam

Content-Based Image Retrieval Scheme

Thel

NFas wsndaaian

AuEATUTRE ATHUNA
AnUNATUTAENTZARNNANIIAUNMITAIANTETI NN 10520

RO W.A. 2546
TA
lod
TS RA P} A 5527,
o 94003
SN “321{%(\2548 b




Y

asy = n&
IEmsauaugimunlaeiem

Content-Based Image Retrieval Scheme

UNfnLo

aw AN Y o ad Y A 9 Y a [~
Q1u3ﬂﬂuqﬂu1lﬁu®’)ﬁﬂ'liﬂ‘uﬂ‘uﬂ'W\I‘i]1ﬂg'lu‘llf:]gﬁiﬂEJﬂ'lii‘Ifmﬂuﬂ‘U’ENﬂﬂumumﬁ Tﬂﬂ

@ o

| ar ] U &
msarsrislnmlaeldons Ialnss Taunsus sy Tass Taunsuanunana19vesad 49

U

A3

¥ ] H
fussalefadoyaduasdoyaieiuiiveazinm Taohees 1nlnss Taunsuidunsminie

Q

AAd A A

F4 [
L‘If\‘lﬁuﬁ511@QﬁﬂL“Iiﬁ‘VlMﬁmJJ’EJ‘LlfT‘L‘lﬁUi%ﬂ:ﬁﬂN‘ixﬁ’JNﬁﬂl“ﬁﬁﬂMﬁ

o

M NAuasanduRus
& o 1 a ' Ve e A = v o A
mileufu dau1ass Taunsuauuana13vesm @I un I IMnI oM s NUAAITH AU NUSIY

F4 ] E
Runvesanuuand1avesmavesaosinealan fuszezr1asenNIinEaiu #an1INAABY
v e & y A o & 1oy d da o &
Wy msilannsofufuglmwiliyuuesfinandisdunieglurauii@eiiuuazgdnmwd
4 T ) o [ 1 o w
fimswdountasaie 18 vazmathmdamsdenainlszyadldfumsydssuranauuy
g3 acg AL o Y A Y 1 1 a < v
YeRETEMIves By Tauld &g aaeis wuhansagwuaNuTIIunsAum N

9 A P A& a o 9 A = Y-}
llﬂﬂi:,’lﬂiu Lﬂ’t)‘lJ’cT’fNWl'lLiJﬂmEJ‘lJﬂ‘Uﬂﬁ’]Jile’JﬁNﬁﬂ’JU‘]fWQLWE]WI’JMEJ’J

ABSTRACT

The research presents the method for searching an image in the database with the
technique of content-based. The scheme is the combination of the autocorrelogram and
color difference correlograms for image indexing and retrieval. This method makes use
of both color and spatial information. Autocorrelogram is graph and table that expresses
how the spatial correlation of identical color changes with distance. Color difference
correlogram is graph or table that expresses the spatial correlation of color difference of
any pixels with distance. Experimental results suggest that this method can retrieve
images which different views of the same scene, large changes in appearance. The
scheme is also implemented by using parallel processing, PVM. On the test with two
CPUs, it can speed up the retrieval time approximately:two times when comparing with

that of one CPU.
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2.6.1 Image Indexing Using Color Correlogram
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2.6.2 Color Indexing with Weak Spatial Constraints
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2.6.3 An Integrated Color-Spatial Approach to Content-based Image Retrieval
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2.6.4 Histogram Refinement for Content-Based Image Retrieval
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