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Orchid Classification Using Neural Network
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abstract

Two neural network models for classifying 10 species of Dendrobium orchids were implemented.
The two models which one adopted grayscales technique and the other adopted wavelet transform
technique for training our neural network performances were compared. The expectation was to see
whether color has the effect on learning Dendrobium shape. Despite the color interfearence, color
information was still provided to the networks with R-G-B code of the pictures. The result turned out that
not only the shape has the effect on the output model precision, the tone of the background also

contributed to the model precision.
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A. Confusion matrix of pictures with black background color (grayscale model)
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C. Confusion matrix of pictures with white background color (grayscale model)
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