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Abstract

This researcl:l compares performance of several term weighting methods on a topic
identification task using web news data. Those methods are term Frequency Inverse Document
Frequency (TFIDF) and three methods: Chi-square, Information Gain and Term Frequency Inverse
Document Frequency (TFICF). Besides, we combine Zipf's Law for analyzing the relationship
betweén term weighting and its rank. We also oBserve the impacts of the size of the training

corpus, the size of the terms that represent the topic, and the appropriate threshold value.
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